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SVM Modeling
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1) M < (Linear Kernel) : Cost, Gamma
2) RBF 7{ < (Radial Basis Function Kernel : Cost, Gamma

3) A|A20|E 7{ <& (Sigmoid Kernel) : Cost, Gamma, Coefficient
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4) CtgtAl 7 (Polynomial Kernel) : Cost, Gamma, Coefficient, Degree

Input Space
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Feature Space

Linear Kernel : Kz, .x;) = (z..x;)
RBF Kernel : K(z,.z;)=exp(—~ |l z,—z; | *+ C)
Sigmoid Kernel - Kfszn;:f:z-) = tanh (1r-'f33ﬂ:$é)+-r)

Polynomial Kernel : Kz .,x;) = (",r-'fxngmg-)-'-r)d
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Sentiment Class
Model

7 Class 3 Class

svm_Model 1 77.96 87.25
svm_Model_2 68.71 76.25
svm_Model_3 76.85 86.31
svm_Model 4 75.04 84.08
nb_Model 50.57 65.73
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Sentiment Class
Chanel Model
7 Class 3 Class
svm_Model_1 80.70 88.53
svm_Model_2 5394 69.94
Facebook svm_Model_3 77.59 8641
svm_Model_4 81.43 87.69
nb_Model 3525 57.89
svm_Model_1 7879 87.47
svm_Model_2 52.23 7044
Twitter svm_Model_3 79.86 8643
svm_Model 4 79.94 8648
nb_Model 3860 63.09
svm_Model_1 75.19 86.37
svm_Model_2 41.10 7133
Instagram svm_Model_3 73.68 8444
svm_Model_4 75.30 8541
nb_Model 4230 54.06
svm_Model_1 77.05 8843
svm_Model 2 4247 66.28
News comment svm_Model_3 76.99 86.50
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